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Outline of session

* Brief introduction to HCl as a design and research field
* Hear from you all about what papers you found
* Different types of research contributions in HCI



What is a design paper?



What ic a desi .

What is a HCI paper?



HCI as a “design” field

"Human—computer interaction is a discipline concerned with
the design, evaluation and implementation of interactive

computing systems for human use and with the study of
major phenomena surrounding them.”

Hewett, et al. 1992. ACM SIGCHI curricula for human-
computer interaction.



HCI as a “design” field

HCl as a term sometimes gets used to describe the phenomena of humans interacting with
computers — it's a thing that people do

But it's also an interdisciplinary field, that involves “design” in a broadest possible sense....

« HCl researchers study groups of people to understand how technology might support
them better, drawing out implications or directions for technology design

« HCl researchers study groups of people to understand how technology is currently used
by them, how they struggle with it, what works well and what doesn’t — drawing out
implications for (re)designing technology, and developing good or bad practices

« HCl researchers experiment with designing new ways of interacting with or using
technologies — building novel prototypes with new interaction modes, and giving these
to people to test them out

» HCI researchers come up with methods and techniques that enable “non-designers” to
input into design processes - something we call co-design, or participatory design..



HCI as a field of research
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Started off as the intermingling of
computer science and cognitive
science and cognitive psychology ....

... then started to draw more on social
psychology, social science and
sociology ...

... and now connects many different
disciplines together

Credit for diagram: Ruth Stalker-Firth,
2018.



The “"Waves"” and “Paradigms” of HCI

First Wave
1970s - 1990s

Expert users in workplaces

Focused on one-to-one interactions
between a “user” and a “machine”

Heavily influenced by cognitive
science and cognitive ergonomics

Lab-based studies

Modelling human behaviour

Badker, S. 2006. When second wave HCI meets third wave challenges.
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Second Wave
1990s - 2000s
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Third Wave
2000s -

Technology in homes, in culture, in
leisure, in everyday settings

Technology no longer just desktop
computers — different modes of
interaction, moving between contexts

Focus on understanding experience
and emotion rather than just usability
and tasks

More influence of ethnography,
cultural theories, design research



The “"Waves"” and “Paradigms” of HCI

arise in inter-
action?

* How can we accurately
model what people do?

* How can we improve the
efficiency of computer use?

Paradigm 1 Paradigm 2 Paradigm 3
Metaphor | Interaction as | Interaction as information Interaction as phenomenologically situated
of interac- | man-machine | communication
tion | coupling
Central | Optimizing fit | Optimizing accuracy and effi- Support for situated action in the world
goal for | between man | ciency of information transfer
interaction | and machine
Typical | How can we *  What mismatches come up »  What existing situated activities in the world
questions | fix specific in communication between should we support?
of interest | problems that | computers and people? * How do users appropriate technologies, and

how can we support those appropriations?

* How can we support interaction without
constraining it too strongly by what a computer
can do or understand?

» What are the politics and values at the site
of interaction, and how can we support those in
design?

Harrison et al. 2007. The three paradigms of HCI.




Where to find HCI research - SIGCHI

SIGCHI About People Conferences Resources News

'— . -~
- Our Twenty Fight
Conferences

Special Interest Group

On
Computer-Human
Interaction

ACM SIGCHlI is the leading international community of
students and professionals interested in research, education,
and practical applications of Human Computer Interaction.

SIGCHI sponsors/co-sponsors 28 Human-Computer
Interaction conferences annually, including our flagship
conference, CHI (Human Factors in Computing Systems),
which has been organized every year since 1983.

Commutted to growing
C C

L
our global and local

presence

https://sigchi.org/



UIST

ACM Symposium on
User Interface
Software and
Technology

CSCwW

ACM Conference On
Computer-
Supported
Cooperative Work
And Social
Computing

UMAP

ACM Conference on
User Modeling,
Adaptation and
Personalization

Where to find HCI research - SIGCHI Conferences

CIMPASS

COMPASS

ACM SIGCAS/
SIGCHI Conference
on Computing and
Sustainable
Societies



Where to find HCI research - SIGCHI on ACM DL

https://dl.acm.org/sig/sigchi



Where to find HCI research beyond SIGCHI!

https://scholar.google.co.uk/citations?view_op=top_venues&hl=en&vg=eng_humancomputerinteraction



Over to you all .... 2 mins each!

Tell us...

» How did you find exploring the CHI 2025 proceedings?

» Was it challenging, or easy, or ... 7 .... Finding a paper for
you and your team mate?

» Tell us about the papers you found for you and your team
mate — why did you choose them?



Alex!

For me...

For Benoit...

RESEARCH-ARTICLE Xin®o f

Beyond Automation: How Designers Perceive Al as a Creative Partner in the
Divergent Thinking Stages of Ul/UX Design

Authors: Abidullah Khan, Atefeh Shokrizadeh, = Jinghui Cheng Authors Info & Claims




Benoit!

For me...

For Dayyan...

RESEARCH-ARTICLE | OPEN ACCESS | © ® Xine f

Proactive Conversational Agents with Inner Thoughts

Authors: Xingyu Bruce Liu, Shitao Fang, Weiyan Shi, Chien-Sheng Wu, Takeo Igarashi, Xiang 'Anthony'

Chen Authors Info & Claims




Dayyan!

For me...

RESEARCH-ARTICLE | OPEN ACCESS | @ ® X in& f

Finding the Conversation: A Method for Scoring Documents for Natural
Conversation Content

Authors: Robert John Moore, Sungeun An, Jay Pankaj Gala, Divyesh Jadav Authors Info & Claims
For Alex...
RESEARCH-ARTICLE | OPEN ACCESS | @ ® Xine f

Digital Legacy Systems for Young Adults: Emphasizing Relationship-Oriented
Perspectives and Physical Artifacts in Death Preparation

Authors: Soonho Kwon, Hyunah Jo, Sohee Ryu, Jihwan Ryan Do, Hwajung Lee, JooHyun Lee, Keeheon Lee,

Younah Kang Authors Info & Claims




Riyadh!

For me...

For Cyril...



Cyril!

For me...

For Daisy...



Daisy!

For me...

For Harvey...



Harvey!

For me...

For ?...



Alessandra!

For me...

RESEARCH-ARTICLE | OPEN ACCESS | @ ® Xine®o f

Lost in Moderation: How Commercial Content Moderation APIs Over- and
Under-Moderate Group-Targeted Hate Speech and Linguistic Variations

Authors: David Hartmann, Amin Oueslati, Dimitri Staufer, Lena Pohlmann, Simon Munzert, o Hendrik

Heuer Authors Info & Claims

For Morgan...



Morgan!

For me...

For Yintao...



Yintao!

For me...

For Morgan ... ?



Sam!

For me...

For Jd...

RESEARCH-ARTICLE | OPEN ACCESS | @ ® Xine f
Piecing Together Teamwork: A Responsible Approach to an LLM-based
Educational Jigsaw Agent

Authors: Emily Doherty, E. Margaret Perkoff, Sean von Bayern, Rui Zhang, Indrani Dey, Michal Bodzianowski, Sadhana Puntambekar, Leanne
Hirshfield Authors Info & Claims




Billy!

For me...

Xin® f =

RESEARCH-ARTICLE | OPEN ACCESS | @ ®
Understanding Adolescents' Perceptions of Benefits and Risks in Health Al
Technologies through Design Fiction

Erin Gregg Newman, Emilie Chow, Yunan Chen Authors Info & Claims

Authors: Jamie Lee, Kyuha Jung,

For Sam...



Mugdha!

For me...

For Billy...



JJ!

For me...

For Mugdha ...



Break time — 5 mins



Types of research contributions in HCI

INTERACTIONS wav-sune 2016 vorume xxan 3 e ()

On the
Significance
of Making in

Interaction

Design

Research

Deep Cover HCI
Cybersecurity Needs You!

Contrarian Design
Truths at Startups

Gender and Status in
Voice User Interfaces




Empirical Research

' d
. t the design an
: ive insights abou . d
StUdI??cet?s:\c?lzgies based on observation an
use o

data gathering.

: ise from a
) . ons arise
irical contributi . user
1" I empirica . rlmentS,
In'HtC é)f soIZrces, including expe S, surveys,
) : w.
oete );field observations, intervie h,'els Sensors,
fests, ups, diaries, ethnographies,
focus groups,

V4 O
log files, and many others.” (p.40)

n the level
ibutions are evaluated base;j Vjork (e.g.,
C]?.ntfghts they provide over prio
ot INnsli

ned understanding of Z ui thge soundness
deilp'e g a novel context), and o
studyin

i lysis.
f methods of data gathering and analy
of me

ABSTRACT

CUs groups with 25 people with disabilities, we found
Tepeatedly Presented reductjye archetypeg for different disabilj-
ties. Often these Tepresentationg reflected broader societal stere.-
types and biases, which oyy Participantg Were cong,
reproduced through T2I. Our Participantg discussed further chal-
lenges with using thege models including the curre
Prompt engineering ¢, reach sa(isfactorﬂy diverse results, Finally,

for a single Prompt ang Including the Prompt with jmacec o
ated. Oyy discussiop reflects op tensions ang trade
among the diverse Perspectives shared to inform fugy

Kelly Avery Mack Rida Qadr; Remj Denton
knmck3@uw.edu ridaqadri@google.com dentone@google.com
Google Research and Pau] G, Allen Google Research Google Research
School of Computey Science, San Francisco, CA, Usa
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Um'versity of Washinglon

Seattle, WA, Usa
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Google Research
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Cynthia I Bennett*
clbennett@goog]e.com
Google Research
New York, NY, Usa
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Artefacts

{Towards ‘Holistic
" Prompt Craft

Joseph Lindley ;

Imagination Lancaster ) 'i
Lancaster University, UK Lancaster University, & .
j-lindley@lancaster.ac.uk r.whitham@]lancaster.ac.yiih "

“Artifacts, often prototypes, include new
systems, architectures, tools, toolkits,
techniques, sketches, mockups, and
envisionments that reveal new possibilities,
enable new explorations, facilitate new insights,
or compel us to consider new possible futures.
New knowledge is embedded in and
manifested by artifacts and the supporting
materials that describe them.” (p40)
Artefact contributions might be evaluated as
part of empirical research. But they do not
always need to be — well documented, justified
and described artefacts can be a contribution in
themselves (see e.g., Gaver and Hook for a
discussion!)
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Theoretical

“ tical research contributiona consist doi .
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Expanding Explainability: Towards Social Transparency in Al

Systems
Upol Ehsan Q. Vera Liao Michael Muller
Georgia Institute of Technology IBM Research AT IBM Research A]
Atlanta, GA, Usa Yorktown Heights, NY, Usa Yorktown Heights, NY, Usa
ehsanu@gatech.edu vera.liao@ibm.com michael_muﬂer@us.ibm.com

Mark O. Rieq]
Georgia Institute of Technology
Atlanta, GA, Usa
riedl@cc.gatech.edu

As Al-powereq systems increasingly mediate consequentia]
decision-makmg, their explainabﬂity is critical for end-users to

Organizationally embedded, However, Explainable Af (XAI) ap-
Proaches have beep predominantly algorithm»centered. We take a
developmenta] step towards socially-situateq XAl by introducing

Perspective that incorporates the socio-organjzational context into
explaining Al-mediateqd decision«making, To explore ST conceptu-
ally, we conducted interviews Wwith 29 AT users and bractitioners
grounded in 3 Speculative design scenario. We Suggested constity-

N~ DA T AT A

Justin D, Weisz
IBM Research AT
Yorktown Heights, NY, usa
jweisz@us.ibm.com

ACM Reference Format:

Upol Ehsan, Q. Vera Liao, Michae] Muller, Mark o, Riedl, and Justip D.

Weisz. 2021, Expanding Explainabﬂjty: Towards Socia] Transparency in AT

Systems. In Cy7 Conference on Human Factors in Computing Systems (CHT
Yokoha,

21), May s-13, 2021, ™ma, Japan. ACM, Ney York, Ny, USA, 19 Pages.
https://doi.org/lo.l 145/3411 764.3445183



Theoretical

Expanding Explainability:
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ehsanu@gatech.edu vera.liao@ibm.com michael_muﬂer@us.ibm.com
Mark O, Ried] Justin D. Weis; ___ _ ommmmm
) . t O_I_’ Georgia Institute of Technology IBM Resesrot X l|
h contributions consis Atlanta, GA, Usp == === "¥5iiown Heights, Ny, Usa |l
. arc I riedl@cc gate ol e = jweisz@us.ibm.com
Initions, ————— 1
. nce ts, e . ABS]; R/ \CL = ACM Reference Format:
or mpro Ved CO p ICIeS for - m-powered systems increasingly mediate consequentia] Upol Ehsan, Q. Vero Liao, M'icha'e.l Muller, Mark 0 Riedl, and just'in .
new ve -
r I(S Th ey are . 1 decision-makin, their explaj ability is critica] for end-users to Weisz. 2021, Expanding = lainability: Towards Social Transp . R A
. . I es. or fr amewo ° . ! b ut 1ons 1 t infe d 5 I; blln 5 Expl Systems. In CHy Conference on Human Factors i Computing Systems (Cj
p r / n Cl p / d l O | Ca I Con tr’ ake m.orme 'and accoun - e,aCtlonS' *Planations in humgn- 21), May s-13, 2021, Yokohama, Japan. AcM, New York, NY, Usa, 19 Pages.
h as me th 0ao g 1 human Interactions are socially-situateq. Alsystems are often socio- https://doj. Org/10.1145/3411764 3 445188 1
th ou gh t W ere t ca I lI Organizationally embedded However, Explainable Af (XAI) ap-
d /o) t h ’ N 9 S/ th eoretl . 1 Proaches have peep predominanﬂy algorithm»centered. We take a
. €velopmental step towar, S socially-situate introducin
inform how we hat we do whyWedO It 1 devel tal step towards socig)] ituated XAI by introdycing
. d exploring Socia] Transparency (ST) i
. . m whnat w / 1 an ; ¢
10NS IN fo r 1 perspective that inc
contribut it (o41) |
t from it.” (p
we expec
and what

Orporates the socjo

explaining Al-mediateqd decision
1

Explanationg Matter. In human-humap interactions, they provide
necessary delineations of reasoning and Justification for one’s
-making. To explore ST conceptu- thoughts anq actions, and g Primary vehjcle tq transfer know]-
ally, we conducteq interviews with 29 Al users anq Practitioners edge from one person to another [65] Explanation
grounded in 3 Speculative design Scenario. We Suggested constity- role in sense i
. tive design elements of ST and developed 5 conceptual framework
1 I |n nature (|.e., they lltounpackSTseffectandimpl'
Theories can be descriptive f users Waking
e : SOoTu
uld describe how certain group
(&)

-making, decision-making,

other aspects of our pe i
ications at the technical, decisjop,- ing i
and organizatiopa) level. Th
-I-' ¥T can p i i
. . 1 |
dictive (i.e.,
. i tems) or pre
certain sys
behave with

coordination, anq man
Tsonal and socia] Jjy :
Ing increasingly important ijn human-aA1 interactions a5 well. As AT
e framework showcaseg how Systems are rapidly being employed in high stakes decnsxon-making
otentially calibrate trust in AT, improve decision-making, Scenarios in industries such as healthcare [63], finance [76] college
cilitate Organizationa] collective actions, and cultivate holistic admissjong [79] hiring [ 19], and Criminal justjce [37], the neeq
el:plainabﬂity. Our work contributes to the discourse of Human- for explainabﬂity becomes Paramount, Explainabih‘ty is not only
h . |S ntered XA[ by €xpanding the design space of XAL sought by users anq other stakeholders to understand ang develop
. iate trust of AT Systems, but also to support discovery of
. tu re t IS 1 appropria
es I g n fea TN A~ A T VA nanr lrnn“rladrrn and malra "nf'nv-marl Aanicinne
. certain d . T
ou introduce a d theoretical 1
) le will behave). Goo ot just
how peop hy things happen, not
contributions tell us why
what happens.



Datasets

“Ad '
ataset contribution provides a ne
w

and useful c

orpus, oft
one . . Z en accompanie
y an analysis of its characteristﬁ:s foil

the b ' mm
enefit of the research community.” (p41)
(P

It's comm
on to see a d
alongsid ataset be contri
gside a new tool or method of anakr;;c'ed
is.

V I

their re

search

IS increasi Urtder open access polici -
sing their presence es, which

It's still ve
ry rare for a dat
NI ase
contribution on its own thoutgao be a

CoAuthor: Designing

for Exploring L

Mina Lee
minalee@cs.stanford.edu
Stanford University
United States

ABSTRACT

a Human-Al

anguage Mo

Collaborativ

Percy Liang
pliang@cs.stanford.edu
Stanford University
United States

Large language models (LMs) offer unprecedented language gener-
ation capabilities and exciting opportunities for interaction design.
However, their highly context—dependent capabilities are difficult
to grasp and are often subjectively interpreted. In this paper, W€
argue that by curating and analyzing large interaction datasets, the
HCIL community can foster more incisive examinations of LMs’
generative capabilities- Exemplifying this approach, Weé present
COAUTHOR, & dataset designed for revealing GPT-3’s capabilities

in assisting creative and argumentative writ

ing. COAUTHOR Cap-

tures rich interactions between 63 writers and four instances of
GPT-3 across 1445 writing sessions. We demonstrate that CoAU-
THOR can address questions about GPT-3'S language, ideation, and
collaboration capabilities, and reveal its contribution as 2 writing

“collaborator” under various definitions of good collaboration. Fi-
nally, we discuss how this work may facilitate 2 more principled
discussion around LMs’ promises and pitfalls in relation to interac-
tion design- The dataset and an interface for replaying the writing
sessions are publicly available at https:// coauthor.stanford.edu.

e Writing Dataset

del Capabilities

Qian Yang
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GPT-] [57],jurassie—1 (36), Megatron—Turing-NLG [31),and Gopher
[46)) can generate 2 wide variety of prose and dialogues with an
unprecedented level of fluency out of the box. Through fine-tuning,

these models can further becom!

e specialized at particular tasks,

such as composing emails [8] or providing health consultation (58]
As a result, the HCIL community has become interested in the op-
portunities surrounding LMs’ generative capabilities. Some have
started leveraging off-the-shelf 1Ms for rapid prototyping of novel
natural language interactions [64); others have started crafting end-

user-facing applications with fine-tuné

d LMs directly![69], even

though how soon such applications can become production-ready
remain highly disputable (1, 24]).

Harnessing LMs’ generative capabilities to power interaction
designs begins with a holistic understanding of these capabilities
(5, 68); this includes understanding what LMs can and cannot do
under diverse interaction contexts. For example, when designing
the mode of interaction between writers and GPT-3 for writing
assistants, designers may ask: Can GPT-3 contribute new ideas to
one’s writing, Of does it merely expand on existing ideas? Does this
ideation capability differ in the context of writing fictional stories
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Survey

“Survey research contributions and other meta-
analyses review and synthesize work done on a

research topic with the goal of exposing trends
and gaps. Survey contributions are appropriate

after a topic has reached a certain level of
maturity.” (p42)

Notably, surveys were very rare in HCI
conferences and journals until relatively recently

— perhaps as they field is so diverse, and
relatively new.

Surveys are evaluated on how well they analyse
and organise existing work, and how well their
analysis of literature reveals insights for new

research and design work.
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ABSTRACT 1 INTRODU CTION
Human participants play 2 central role in the development of mod- Participation isa foundational element of the social—behavioral
sciences and in the design of new technology- In psychology, user

ern artificial intelligence (AT) technology: in psychological science,
and in user research. Recent advances in generative Al have at-

tracted growing interest to the possibility of replacing human par-

for and against substituting human paIticipants with modern gen-
erative Al Our scoping review indicates that th
these proposals is motivated by goals such as reducing the costs
of research and development work and increasing the diversity
of collected data. However, these proposals ignore and ultimately
conflict with foundational values of work with human participants:
representation, inclusion, and understanding. This paper critically
i i articipa-

tion to help chart out paths for future work that truly centers and

empowers participants.

research, hurnan—computer interaction (HCD), and other related
fields, research participants offera window into human cognition
the development of new technologies,

and decision making. In
human participants ground the design process in real-life needs,

perspectives, and experiences-

The past year has seen @ growing number of proposals recom-
replacement of human participants in technology
and scientific research with large language models
(LLMs), 2 new class of artificial intelligence (AI) systems- These pro-

posals include at Jeast thirteen technical reports and peer-reviewed

research articles, jointly sharing over one thousand citations at
36, 47, 53,

the time of this manuscript’s submission (4, 10, 16, 33,
54, 61, 65, 68, 107, 143), in addition to several commercial prod-

ucts (103, 131, 138].
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What are the contributions of your papers?

Working on your own, choose one of your papers:

Read the introduction, and skim the sections of the rest of the paper:
* How does it motivate the research — what is it responding to?
Does it refer to a "lack” or "gap” in knowledge?

* How does it convey its “novelty”?

* How is it structured — what types of sections does it have?

* How does it convey its “contribution”?

* Is there anything unusual about its content based on papers in
other fields you may have read?




Any questions?

If you have any questions about this week, contact me at :
john.vines@ed.ac.uk
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