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What goes in the middle?

• Depends on “type” of paper

• Method paper

• Dataset paper

• Review/survey

• Position/perspective

• Also depends on paper length

• *ACL conferences: 4 or 8 pages

• Clear organisation is important

• Story guides this → Medawar’s fraud
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Method papers

Describe a new method, either for a specific task or more generally

2. Related Work

3. Methodology

• The novel methodology

• Abstracted from implementation

4. Experiment details, for example

• Implementation information

• Dataset information

• Evaluation metrics

• Baselines

5. Results

Examples: Jin et al. (2025) (specific task method), Dai et al. (2025) (general method)
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Dataset papers

Creates a new dataset either for an existing or a new task

2. Related Work
3. The new dataset

• Details about collection

• Often: human evaluation

• Key information: examples, statistics, etc.

• If a new task: define the task

4. Methods
• Often a simple model is also proposed, OR

• Discuss existing models to be evaluated

• Often includes implementation details

5. Results

Example: Zhao and Caragea (2025) (new task & data)
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Why do dataset papers often include a new method too?

• Construct validity (methodological rigor)

→ does the dataset measure what it is claiming?

• Normative rigor

→ why does the dataset matter
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An alternative structure for a dataset paper

3. Dataset collection process

4. Experiment details

• Details about human & LLM participants

• Metrics

5. Experiment 1

5.1 Setup

5.2 Results

6. Experiment 2

6.1 Setup

6.2 (and 6.3) Results

From Chi et al. (2026).
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Descriptive Headings

Stylistic considerations for section headings:

• Section headings help readers jump around

• avoid cryptic one-word titles also for sections

• use parallelism (all subsections are titled using noun phrases, participles, etc)

• Don’t use dangling subsections (1, 2, 2.1, 3, 3.1, 3.2, 4)

Look at the table of content to see if your sectioning works.

Put \tableofcontent at the beginning of your paper (even if the final version won’t

have a ToC).
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Epistemic rigor & related work

What background is needed to understand & justify the work?

• Spend time on this, it takes longer than you expect

• Don’t only look at recent works

• Discuss what is relevant about prior works

• Make explicit what is di!erent about your work

• Read a lot
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Related Work

↑ Beware: Citing only recent work

From Nguyen and Kim (2025). 51



Related Work

↑ Beware: Too descriptive

From Jin et al. (2025).
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Related Work

↭ Do: Explicitly contrast with prior work

From Zhao and Caragea (2025).
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Conclusion

Summarizes the middle and provides a future perspective:

• provide an analysis of the most important results

• analyze the results overall, not individually (do that in the middle, in a Discussion

section)

• do not present new evidence or new results here

• provide a future perspective:

• recommendations that derive from your work

• future direction of you work

• re-iterate the scope and limitations of your work (already in the intro)

Conclusion ties together loose ends, provides closure.
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Extra sections

• Limitations → required by *ACL conferences

• Ethics statement

• Appendices

57



Limitations

↑ Don’t: Surface level

From Dai et al. (2025).
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Limitations

↑ Don’t: Focus on future work

From Qian et al. (2025).
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Limitations

↭ Do: Describe scope of study (future work OK in this context)

From Zheng et al. (2025).
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Limitations

↭ Do: Discuss assumptions

From Hu et al. (2025).
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Exercise 2: Evaluating limitations

Look at the limitations on the next page. Discuss the following questions:

1. Can you identify the scope of the study?

2. Is it clear in which situations the results may not be applicable??

3. Are there points you would expand on?

4. Given the abstract, are there any potential limitations not mentioned you notice?

These limitations are from papers that appeared at ACL 2025.
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Exercise 2: Evaluating limitations
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Appendices

Bonus content - main paper should be self-contained

↭ DOs

• Put examples

• Hyperparameter details

• Extra analyses

• Annotation instructions

• Follow formatting guidelines

↑ DON’Ts

• Put all your examples

• All experiment details

• Main results

• All annotation information

• Include content that spills into margins

Often used for details in the Reproducibility Checklist (we’ll discuss in a few weeks)
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Exercise 3: Project pitches

Discuss your pitch

• Do you have a compelling example?

• Is the importance clear?

• How rigorous is your proposed work?
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